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Low-dose Computed Tomography

Image Domain Frequency Domain

* lonizing radiation dose from CT is a
central consideration for safe imaging

 Low-dose CT increases noise and
impedes the readability of the scan

* |terative or deep learning reconstruction
can improve sighal-to-noise

* Real projection data is often proprietary
and limits data for model development

High spatial frequencies 2
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Network Structures and Training Protocol

Network Configurations e Data from AAPM Low-dose CT Challenge
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Discussion and Conclusions b
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* Dual-domain approaches were quantitatively superior to single-domain U-nets

and W-nets
* Minimal qualitative differences between image-domain and dual-domain approaches

* Poor qualitative results of the spatial frequency domain networks were likely a
result of optimizing the perceptual loss of the frequency spectrum

* Denoised images appear overly smoothed compared to routine-dose
references and differ in noise characteristics

* Data quality and quantity is a limiting factor for denoising performance



